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PREFACE 

AI has significantly affected various industries, including education. Nowadays, many universities 

have utilized ChatGPT to support staff and improve student learning experiences. ChatGPT is a 

powerful technology since it can produce cogent, orderly, and human-like responses by using 

natural language processing. People are using it for writing computer code, editing papers, and 

writing essays. However, there is limited research on its usage and perception in the context of 

higher education. It is important to understand students’ adoption behavior and perceptions about 

technology. In addition, there is also limited research on students’ performance investigations of 

AI technology in the higher education sector. Understanding students’ opinions and experiences 

is important to ensure its effectiveness when students use ChatGPT in their learning process. With 

that, this study will aim to investigate the factors that influence students’ adoption behavior on 

ChatGPT in their learning process and whether ChatGPT can improve their learning outcomes. 
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ABSTRACT 

AI has significantly affected various industries, including education. Nowadays, many universities 

have utilized ChatGPT to support staff and improve student learning experiences.  This study will 

aim to investigate the factors that influence students’ adoption behavior on ChatGPT in their 

learning process and whether ChatGPT can improve their learning outcomes. Hence, the Unified 

Theory of Acceptance and Use of Technology (UTAUT) model was applied to investigate 

adoption of AI technology in education among UTAR students. Using the UTAUT model as a 

reference, performance expectancy, effort expectancy, social influence, perceived entertainment, 

perceived risk, adoption behavior, usage be the response. Six hypotheses were developed to 

identify the relationship between the variables. Questionnaires were prepared using Google Form 

and distributed to 200 respondents who had used ChatGPT in their learning process. The data 

collected from respondents were decoded and analysed by using SmartPLS version 4 software. 

Not only that, theoretical and managerial implications were proposed with the hope that future 

researchers and practitioners can serve as a reference for the experimental method to further 

understand students’ adoption behavior towards ChatGPT in their learning process. 
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CHAPTER 1: RESEARCH OVERVIEW 

 

1.0 Introduction 

This chapter outlines the research background, problem statement, research questions, 

research objectives, as well as the significance of the study. 

 

1.1 Research Background 

Recent advancements in artificial intelligence (AI) such as machine learning (ML) have 

given rise to a number of applications in a variety of fields, including education 

(Zawacki- Richter et al., 2019). In the field of education, it has already had a significant 

impact, particularly on administration, learning, and teaching (Chen et al., 2020). 

Universities are increasingly looking into how to use AI to support staff in their 

teaching and research activities and improve the student experience (Zawacki-Richter 

et al., 2019). 

Bengio et al. (2021) claimed that by employing huge amounts of data, AI systems can 

be educated to mimic the human brain and do everyday tasks. According to Chatterjee 

and Bhattacharjee (2020), AI can assist in capturing a special teaching strategy for 

meeting each student's specific demands. To enhance the learning motivation and 

success of students in higher education, an e-learning system was also included in the 

methods of artificial intelligence (Fu et al., 2021). 

Recently constructed conversational chatbot ChatGPT from OpenAI may make it 

simpler for teachers to incorporate AI into their lessons. ChatGPT produces responses 

to user input that resemble human responses using natural language processing (NLP). 

It has drawn interest from all over the world due to its excellent performance in 

producing answers that are cogent, orderly, and instructive (Zhai, 2022). ChatGPT has 
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amassed millions of active consumers globally since its introduction in November 2022, 

making it the platform with the highest growth rate ever (Hu, 2023). ChatGPT can 

produce complex text and hold persuasive dialogues with users. Writing computer code, 

editing papers, and writing essays are just a few of the things it may assist with (Owens, 

2023). As ChatGPT continues to acquire additional data from user interactions, its 

capabilities are anticipated to dramatically increase (Eva et al., 2023). 

In the world of education, ChatGPT was met with both adoration and opposition. 

Similar to calculators and computers that have become normal in arithmetic and 

science, certain authors think that AI-based programmes like ChatGPT will 

unavoidably become an essential part of writing (McMurtrie, 2023).  In order to support 

teaching and learning, some advocate using these technologies with students and 

teachers rather than forbidding them (Sharples, 2022). As a result, ChatGPT can aid 

students in developing a variety of skills, including writing, reading, data analysis, 

critical thinking, problem-solving, creating practise problems, and investigation. It 

empowers learners who have disabilities and enables group and distant learning 

(Kasneci et al., 2023). In this regard, ChatGPT has the power to completely alter the 

way students and teachers communicate, acquire knowledge, and work together. The 

adoption of ChatGPT has resulted in conversations about its consequences and the 

value of ethical usage in academics, drawing comparisons with earlier technical 

developments. 

According to Fam (2023), Malaysia would not prohibit students at regional higher 

education institutions from using ChatGPT, according to Minister of Higher Education 

Datuk Seri Mohamed Khaled Nordin. He highlighted that students must comply with 

the Department of Higher Education's rules, which have already been printed and given 

to nearby colleges and universities. Universiti Tunku Abdul Rahman (UTAR) also 

invites speakers to give some talk on AI technology and ChatGPT. The talk's main goals 

were to help participants recognise important AI concepts and their potential effects, 

create a variety of content using prompts and format it in different ways, use ChatGPT 
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to summarise key learning concepts, and use ChatGPT for effective research and 

assignment completion (UTAR News, n.d.) 

However, according to Rudolph et al. (2023), the adoption of AI technology in higher 

education, such as ChatGPT, has provoked contentious discussions. In this case, some 

detractors claim that it promotes plagiarism and others assert that it can greatly enhance 

student-faculty engagement and make it easier for students to get the information they 

need to succeed academically (Baidoo-Anu & Owusu Ansah, 2023). A steady stream 

of fresh studies and findings is what keeps the conversation about the benefits and risks 

of AI in higher education alive. Additionally, ChatGPT works in different ways from 

search engines such as Google because it only has access to knowledge that was 

collected prior to September 2021 and does not constantly update for new information. 

The fact that its factual precision is inconsistent has thus been regarded as a significant 

shortcoming (Rudolph et al., 2023). 

The challenge that ChatGPT will present to education in this instance is likely academic 

honesty (Kasneci et al., 2023). Several studies revealed on ChatGPT's test question-

answering capabilities. Susnjak (2022) evaluated ChatGPT's capacity to produce 

human-like answers to challenging university-level queries across a range of fields in 

a preprint. Undergraduate students were the target audience for ChatGPT's creation of 

difficult critical thinking questions about education, machine learning, past events, and 

marketing. ChatGPT was requested to come up with the questions, and then provide 

and analyse the replies. The author assessed ChatGPT's comments according to their 

originality, accuracy, relevancy, clarity, and correctness as well as their depth and 

breadth, logic, and persuasiveness. He discovered that ChatGPT demonstrated a high 

level of critical thinking rather than just information retrieval. The comments produced 

by ChatGPT were adequate in depth and breadth, clear, explicit, relevant, and logically 

coherent. Especially in tertiary education settings, where such exams are becoming 

more common, the author came to the conclusion that ChatGPT is a possible risk to the 

integrity of online exams (Susnjak, 2022). 
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1.2 Research Problem 

The existing research on AI-based ChatGPT utilization in the education sector is very 

limited due to its novelty. This study contributes significantly to the body of knowledge 

on the adoption of cutting-edge educational technologies by examining ChatGPT, a 

novel AI-based tool for students. Additionally, there is a lack of research in the literature 

on how ChatGPT is adopted by students for educational purposes (Tiwari et al., 2023). 

The actual usage, consequences, and perception of ChatGPT in higher education sector 

have received minimal attention in the literature, according to several research 

(Rudolph et al., 2023; Zhai, 2022; Qadir, 2022). The gap indicated in the "teaching, 

learning, and scholarly research" portion of the previously mentioned research 

(Dwivedi et al., 2023) is arguably the most important one for this paper.  

In short, there is limited research base on the AI technology implication in education 

sector. In this case, this study fills the gap by identifying ChatGPT adoption drivers in 

education. This study examines the effects of ChatGPT in higher education as a result 

of student adoption and perception of the technology. This issue is extremely important 

since it has the potential to have significant effects on academic integrity, teaching, and 

learning in the higher education industry (Ventayen, 2023).  

In addition, according to Lo (2023), further study and development are required to fully 

understand ChatGPT's potential impact on the education industry because it is still in 

the early stages of use in education. Future research will center on the question of 

whether ChatGPT can offer students a better educational experience and academic 

performance. If so, what are the students' opinions and experiences. To ensure 

ChatGPT's effectiveness and seamless integration into higher education institutions and 

identify its drawbacks and benefits, it is crucial to comprehend how it is seen and why 

students utilize it (Qadir, 2022). In conclusion, there is limited research base on how 

AI technology implication will affect the students’ academic performance. In this case, 
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this study fills the gap by identifying whether the students’ academic performance will 

be enhanced after using ChatGPT in their learning process. 

 

1.3 Research Objectives & Research Questions 

By filling in the gap in the literature on ChatGPT's adoption (and consequently, the 

resulting consequences on students' learning process and experience), this research 

seeks to provide to the increasing body of study in this field. This study aims to offer a 

greater knowledge of the inherent advantages, drawbacks, and applications of ChatGPT 

in higher education sector by constructing on the existing literature and filling the 

research gap. 

To fulfill this objective, the study aims to achieve the following goals:  

1. Investigate the students' adoption behavior with ChatGPT in their learning process 

and the factors that will impact on their adoption behavior. 

2. Examine how students perceive ChatGPT's influence on their educational 

experiences, paying particular attention to factors like academic achievement, learning 

effectiveness, and motivation. 

3. Discuss strategies for students, educators, and institutions to use ChatGPT in 

education, studying, and evaluation practices, taking into account the advantages and 

disadvantages that have been noted. 

Taking the objectves into consideration, the research question that guiding this study is:  

1. How do students perceive ChatGPT in the context of learning? 

2. What is the impact of ChatGPT on students’ learning experience?  
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1.4 Research Significance 

The potential for this study to promote education at UTAR is one of the main 

justifications for its importance. The education institution can find opportunities to 

improve the educational experience by thoroughly studying how UTAR students use 

AI technology in their learning process. This knowledge can play a critical role in 

guiding the creation of instructional resources, tools, and methods based on AI that are 

tailored to the unique requirements and preferences of UTAR students.  

Second, the research shows promise for improved learning outcomes and instructional 

strategies. It is feasible to determine which AI applications are most successful and 

where changes are required by identifying trends in AI usage. This information may 

enable UTAR lecturers to make better use of AI technology, resulting in a more 

stimulating and effective learning environment.  

However, for educational institutions such as UTAR, resource allocation is a crucial 

challenge. Due to limited resources, wise investments are required, and this research 

might be crucial in maximizing resource allocation. Understanding how students use 

AI will help UTAR deploy its funds more effectively, putting money into projects that 

are more likely to be adopted by students and yield a higher return on investment.  

Additionally, pedagogical innovation is necessary to maintain a leading position in 

education. The results of this study can motivate creative teaching and learning 

strategies at UTAR. Educational institutions can use this knowledge to explore fresh 

approaches for incorporating underused AI capabilities into the curriculum, 

establishing a culture of pedagogical creativity. 

 Finally, this study has the potential to significantly advance the state of knowledge on 

the use of AI in education. Its conclusions can help UTAR and other educational 

institution by offering insightful information on the best practises, difficulties, and 

opportunities related to integrating AI in educational settings. 
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In summary, this study is significant to UTAR as well as other educational institutions. 

This study will give all the education institutions a comprehensive picture of how the 

ChatGPT affects students' learning outcomes as well as how they perceive the ChatGPT. 

 

1.5 Conclusion  

This chapter has provided an overview of the AI technology especially ChatGPT. 

Undeniably, ChatGPT received significant attentions after it launched. This technology 

can generate human-liked answer and in depth and breadth, clear, explicit, relevant, 

and logically coherent response. Thus, students should take this advantage to improve 

their academic performance as well as the learning process. Hence, these have inspired 

the researcher to study and explore what factors will lead students to have a adoption 

behavior and usage towards ChatGPT. This study focuses on the UTAR students. In 

conclusion, this study aims to provide insightful contributions with useful information 

and outputs to UTAR and other educational institutions. 
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CHAPTER 2: LITERATURE REVIEW 

 

2.0 Introduction 

In order to establish the theoretical groundwork for the study, Unified Theory of 

Acceptance and Use of Technology (UTAUT) model will be adopted. The relationships 

between both independent and dependent variables will be investigated using 

these theories. Additionally, the relevant variables will be completely evaluated and 

discussed using data from earlier studies emphasizing AI technology and its 

implications on the education sector. 

 

2.1 Underlying Theories 

This study will adopt Unified theory of acceptance and use of technology (UTAUT) 

model. 

 

2.1.1 Unified theory of acceptance and use of technology 

(UTAUT) model  

Venkatesh et al. (2003) proposed the UTAUT model, which primarily 

incorporates relevant models and data from many domains. It mainly integrates 

the eight theories which include TAM (Davis, 1986; Venkatesh & Bala, 2008), 

social cognitive theory (Compeau & Higgins, 1995), the model of PC utilisation, 

task-technology-fit (Goodhue & Thompson, 1995), the Theory of Planned 

Behaviour (TPB) (Ajzen, 1985),the motivational model (Davis et al., 1992), 

innovation diffusion theory (Moore & Benbasat, 1991), TRA (Fishbein & Ajzen, 

1977), and the combination of TPB as well as TAM. One of the most important 

factors is one of the model's four key principles, which include performance 

expectancy, effort expectation, facilitating conditions, and social influence.  



ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 9 of 76 
 
 

Empirical research has shown that the UTAUT, having up to 70% explanatory 

power, proves more convincing than earlier models. This idea has been 

employed by the academic community to support numerous outstanding 

hypotheses. Mehta and Morris et al. (2019) used UTAUT as a starting point to 

apply the unique conceptual model to the setting of digital education by 

merging human values with technological adoption models. Nie et al. (2020) 

investigate the evidence of TPB and offer a deeper comprehension of individual 

behaviour in technology adoption and human-computer interaction. The 

application domains of study have also become increasingly varied as a result 

of developments in science and technology. UTAUT has been considered the 

best model for mobile learning and is suitable in the setting of mobile learning 

and technology (Venkataraman & Ramasamy, 2018). In this study, performance 

expectancy, effort expectancy and social influence will be utilized. Figure 2.1 

shows the model of UTAUT. 

Figure 2.2: Unified theory of acceptance and use of technology (UTAUT) model 

 

Source: Venkatesh et al. (2003) 
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2.2 Review of Variables 

 

2.2.1 Performance Expectancy  

The degree to which a person expects that utilizing the system would enable 

him or her to improve their performance in the workplace is known as 

performance expectancy. Since this model is a combination of earlier ones, five 

elements from earlier models including perceived usefulness from TAM, 

external motivation from motivational model, job fit from PC utilisation model, 

relative advantages from innovation diffusion theory, and outcome expectations 

in social cognition theory which helped in the formation of the performance 

expectancy variable (Davis et al., 1989; Venkatesh et al., 2003).  In their studies, 

these researchers claimed that performance expectancy represents a crucial 

concept that affects the adoption and ultimate use of information systems. As a 

result, it may also be said that performance expectancy has an immediate impact 

on the way UTAR students use AI technology like ChatGPT. This is to ensure 

UTAR students can get the knowledge they need to succeed in their studies and 

academic achievements. Therefore, a UTAR student may be inclined to use 

ChatGPT if they believe it will help them significantly improve their academic 

achievement. 

 

2.2.2 Effort Expectancy  

The level of convenience perceived for utilising a system is known as effort 

expectancy. Perceived ease of use from technology adoption model, complexity 

in PC utilisation model, and innovation diffusion theory are comparable 
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constructs in different models and theories from a conceptual perspective 

(Davis et al., 1989; Venkatesh et al., 2003; Venkatesh & Davis, 2000).  

In this instance, the adoption of AI technology by UTAR students is directly 

related to effort expectancy. This is due to the likelihood that UTAR students' 

use of AI technology will depend on how simple or difficult it is to use ChatGPT 

to quickly acquire pertinent information. Therefore, if UTAR students discover 

that using ChatGPT in their learning process is quite simple, they might not 

hesitate to use it. 

 

2.2.3 Social Influence 

According to Venkatesh et al. (2003), social influence refers to how much a 

person thinks other people matter to him or her when utilizing a new technology. 

This variable's construction was influenced by the concepts of subjective norms 

which are rational action theory, planned behavior theory, decomposed planned 

behavior theory, and TAM 2, social factors in PC utilization model, and 

image  in innovation dissemination theory. Additionally, social influence is the 

extent to which a customer's social circle such as their family, friends, and 

coworkers accepts the use of AI devices in performing services as appropriate 

and consistent with group norms. For instance, Gursoy et al. (2017) discovered 

that one of the most significant sources of information when a consumer's 

decision-making process is family and friends. Similarly, Jeon et al. (2018)'s 

findings show that people tend to embrace the culture, values, and norms of 

their social groups as their own and adjust their behavior as a result. 

Furthermore, following a group's behavioral norms will increase an individual's 

attachment level of belongingness to that group, based on the Social Identity 

Theory (Tajfel & Turner, 1979).  
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Therefore, in this study, employing AI technology will be advantageous to 

UTAR students' social identities if their social network, such as friends and 

family, have positive thoughts and attitudes towards its usage in education and 

learning. Thus, if their friends, family, and other significant individuals 

influence them, UTAR students will be more inclined to use ChatGPT. 

 

2.2.4 Perceived Risk  

The concept of perceived risk was developed by Bauer (1960), and it has 

psychological underpinnings. The perceived risk was split by Cunningham 

(1967) into uncertainty and repercussions (the severity of the harm caused by 

the product not living up to expectations). The perceived risk is higher if the 

client places more emphasis on the harmful degree.  The focus of this study is 

on the features of AI-enabled online educational programs that demand user 

data collecting. Consumers are becoming more concerned about user privacy 

as a result of the Internet's many practical applications. The largest obstacle to 

the development and improvement of AI products in recent years has been the 

violation of user privacy. There are privacy and ethical concerns that should be 

taken into consideration when applying AI technology to the study of 

educational data. As a result, issues with privacy and data protection could come 

up and need to be carefully examined (Chen et al., 2020). Finance is a major 

source of privacy and security issues when it comes to AI products, especially 

when it comes to sensitive personal information like credit card numbers and 

purchase history. Users are aware of this danger when utilizing AI products. 

The concepts of psychological risk and financial risk are thus included among 

the perceived risk variables evaluated in this study. People are more inclined to 

adopt an AI product if there is no perceived danger associated with it. 
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2.2.5 Perceived Entertainment  

According to Davis et al. (1992), perceived entertainment is the amount of 

enjoyment that can be obtained from using the computer itself. It relates to the 

enjoyment brought on using technology (Dennis et al., 2007). The user's 

enthusiasm for using the product is positively associated with the interface's 

entertainment value, hence it is crucial to consider this when creating and 

designing a product. Therefore, the user's interest in the interface will be 

stimulated if the developer can make it interesting. As a result, people will enjoy 

utilizing it and be more inclined to do so. According to Dennis et al. (2007), 

user acceptability and adoption behavior are largely determined by the 

functional and entertaining qualities of products and systems. According to 

Feng et al. (2015), users' learning behavior may be positively impacted by their 

impression of amusement. Therefore, UTAR students are more likely to 

embrace and use ChatGPT consistently if they believe that using it in their 

learning process is enjoyable and interesting. 

 

2.2.6 Adoption Behavior 

Numerous studies have demonstrated that behavioral intentions influence 

behavior in an effective manner and that there is a direct connection between 

intention and behavior as well as the process by which people go from making 

decisions to carrying them out in the real world. Chau (2019) found that 

performance expectancy, effort expectancy, perceived entertainment, and 

perceived risk had a significant and favorable influence on adoption behavior. 

Additionally, Koenig-Lewis et al.'s (2015) study found that social influence had 

a considerable impact on adoption behavior, indicating that people's acceptance 

of digital wallets is heavily influenced by their peers' opinions. All of the 

independent variables in this study, such as performance expectancy, will 
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therefore result in adoption behavior. For instance, if UTAR students discovered 

that ChatGPT had helped them succeed academically, they would want to adopt 

it and use it frequently. 

 

2.2.7 Usage  

The term "actual technology usage" will be used from now on. The phrase 

"technology use" in TAM actually refers to the same behaviour as the term TRA, 

but in a technological environment. Intensity and usability have a direct impact 

on this construct. The goal of the user's behaviour and their level of assurance 

that ChatGPT will enhance learning outcomes determine how much ChatGPT 

is used (Harris, 2017). According to Dwivedi et al.'s 2019 study, adopting 

behaviour directly affects usage. It follows that UTAR students are more likely 

to use ChatGPT if they have the aim to incorporate it into their learning process.  

 

2.3 Conceptual Framework 

According to Adom (2018), the conceptual framework demonstrates how the key ideas 

under study are related to one another. Figure 2.3 below depicts the study's conceptual 

framework, which explains the factors affects the adoption behavior and usage of AI 

Technology among UTAR students. Independent variables are performance expectancy, 

effort expectancy, social influence, perceived risk, and perceived entertainment while 

adoption behavior serve as mediator. Usage is stated as the dependent variable.  

 

Figure 2.3: Conceptual Framework 
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Source: Developed for the research 

 

2.4 Hypotheses Development 

 

2.4.1 Relationship between Performance Expectancy and 

Adoption Behavior 

The UTAUT claims that performance expectancy is the primary variable that 

directly influences consumers' willingness to employ a product (Li et al., 2016). 

The performance expectancy denotes the extent to which the system enhances 

academic performance in the context of the employment of AI technology. This 

study defines performance expectancy in the context of using ChatGPT, an AI 

technology, therefore the performance expectancy suggests that users can 

improve the effectiveness of their learning. Particularly in the context of 

artificial intelligence, learning, and knowledge access are frequently utilised. 

According to this analysis, users' willingness to use technology will rise when 

they believe it will benefit them or better their own work and academic 
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achievement. Therefore, in accordance with the findings of earlier research, this 

study proposes the following hypothesis:  

H1: There is a significant relationship between performance expectancy and 

adoption behavior. 

 

2.4.2 Relationship between Effort Expectancy and Adoption 

Behavior 

Users do not want to spend a lot of time or effort learning a new system, in 

accordance with effort expectancy (Li et al., 2016). The ease of use of the AI-

enabled online education goods is another aspect of the effort expectancy. Wong 

et al. (2015) stated that effort expectancy is consistently acknowledged as a 

crucial determinant of user adoption behavior. Yang (2015) conducted a study 

based on survey data gathered from US university students to examine the 

behavioral intentions of young customers in purchasing mobile shopping apps. 

The results showed that effort expectancy provided an accurate predictor of 

whether mobile shopping apps would be used. The user will more likely to use 

technology if the level of complexity of the technology decreases. Therefore, it 

is expected that effort expectancy will have an impact on adoption behavior, 

and the following hypothesis have been given.: 

H2: There is a significant relationship between effort expectancy and adoption 

behavior. 
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2.4.3 Relationship between Social Influence and Adoption 

Behavior. 

Customers tend to install the same applications as a reference group, such as 

friends, family, or a colleague, in order to converse and exchange knowledge 

with them (Chua et al., 2018). The degree to which people believe that 

important others, such as friends or family, think they should adopt a technology, 

is referred to as social influence. The interactive impact of social influence on 

users' adoption behaviour towards recycling practises was validated in the most 

recent study by Wan et al. (2017). According to Liébana-Cabanillas et al. (2018), 

users typically act in a certain way to live up to the expectations of their family, 

friends, and the wider community.  Tan and Ooi (2018) claimed that social 

influence may have an impact on consumers' views and values and that people 

respond to social pressure by behaving in certain ways. According to Madan 

and Yadav's (2018) research, consumers think about what their friends and 

family think before utilizing mobile devices and are less likely to adopt new 

technologies if such opinions are unfavorable. Consequently, the following 

hypotheses could be developed based on the research's findings and the 

outcomes of previous studies: 

H3: There is a significant relationship between social influence and adoption 

behavior. 

 

2.4.4 Relationship between Perceived Risk and Adoption 

Behavior. 

According to Farivar et al. (2018), perceived risk refers to users' perceptions of 

possible undesirable results or the unpredictability of outcomes or 

repercussions. According to research from Indiani et al. (2015) and Zulfikar & 

Mayvita (2018), perceived risk has a greater influence on actual usage. 
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Additionally, a study indicated that the intention to use mobile banking is 

negatively and significantly impacted by the perception of risk (Mahardika & 

Giantari, 2020). Additionally, multiple earlier studies in these diverse categories 

have demonstrated the adverse effects of risk on behavioural intention for 

telemedicine services (Kamal et al. 2020), restaurant visits (Lee et al. 2019), 

and online shopping channels (Slade et al., 2015; Tran 2020).  People tend to 

avoid circumstances that are unknown and confusing when they feel 

uncomfortable with them. According to this study, UTAR students are less 

likely to use ChatGPT if they consider it as carrying a significant level of risk. 

As a result, the following hypothesis have been proposed based on previous 

studies: 

H4: There is a significant relationship between perceived risk and adoption 

behavior. 

 

2.4.5 Relationship between Perceived Entertainment and 

Adoption Behavior. 

Perceived entertainment was defined by Venkatesh et al. (2012) as joy, delight, 

and amusement. or liveliness experienced while using a technology and 

researchers discovered that it had a substantial influence on customers' 

acceptance of new technology. In this study, perceived entertainment refers to 

how much a person finds utilizing ChatGPT to be pleasurable. Perceived 

entertainment has been used in certain e-learning research to explain how it 

affects students' IT adoption behavior, and it has been found to dramatically 

boost university students' usage intentions. Students are more likely to have a 

favourable attitude towards the usability and usefulness of an e-learning system 

when they use it and enjoy it (Cabada et al., 2017). Additionally, a stronger 

perception of enjoyment from utilizing new technology may reduce worry, 
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which would then increase confidence (Koenig-Lewis et al., 2015). Therefore, 

in this study, UTAR students tended to use ChatGPT if they thought doing so 

was enjoyable. On the basis of the prior research, the following hypothesis can 

be made: 

H5: There is a significant relationship between perceived entertainment and 

adoption behavior. 

 

2.4.6 Relationship between Adoption Behavior and Usage. 

Yi et al. (2016) claimed that adoption behavior is the irrational likelihood of 

engaging in a behavior that results in usage intention. The intensity with which 

people use technology is known as usage behavior (Awwad and Al-Majali, 

2015). Behavioral intention is an assessment of the reason of people choose to 

engage in or carry out a specific conduct (Ajzen & Fishbein, 1980).  Therefore, 

it is necessary to first assess the consumer's behavioral intention before 

deciding whether UTAR will accept and apply the ChatGPT in their learning 

process. The usage behavior includes a very important component called 

behavioral intention (Awwad and Al-Majali, 2015). Williams et al.'s (2015) 

review of the literature revealed that many technology adoption models are 

created to explain the behavior of technology users. The reason for this is that 

customer use behaviour is the best indicator of actual technology utilization.  It 

has been demonstrated by earlier studies (Wong et al., 2015; Rezaei, 2017) 

pertaining to mobile technologies. Emon et al. (2023) found a substantial and 

significant correlation between ChatGPT adoption behaviour and usage. As a 

result, the following hypothesis have been proposed based on previous studies: 

H6: There is a significant relationship between adoption behavior and usage. 
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2.5 Conclusion 

This chapter covers the definitions of all the variables as well as the underlying theory. 

For every independent variable, a hypothesis had been developed in addition to the 

definition of the variable.   
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CHAPTER 3: METHODOLOGY 

 

3.0 Introduction 

The chapter 3 discusses the methodology of this study, including research design, 

research instrument, sampling design, pilot test, data collection methods, construct 

instruments, and proposed data analysis. 

 

3.1 Research Design 

The study design serves as a manual that explains how the variables connect to one 

another in order to answer the research objectives and provide the study structure 

(Baran, 2022). 

 

3.1.1 Quantitative Research 

In order to quantify the data while keeping the investigation's goal or objective 

in mind, quantitative research will be used. Quantitative research is a crucial 

area in the context of research design.  Goertzen (2017) states that acquiring 

and analyzing structured, statistically representable data is a component of 

quantitative research methodologies. The adoption of ChatGPT among UTAR 

students will be investigated through the use of quantitative research in this 

study. Additionally, surveys can be used to gather information that will be 

examined and conclusions regarding the study drawn. 
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3.1.2 Descriptive Research 

Descriptive research is characterizing people, events, or conditions by looking 

at them in their natural settings. The researcher merely explains the sample 

and/or variables without changing any of the variables. The only model that 

may investigate a single variable is descriptive research, which can explore 

several variables (Siedlecki, 2020). Descriptive studies examine the traits of a 

population, highlight issues within an organization, a group, or a population, or 

investigate differences in traits or customs between organizations or even 

nations.  Since the 7-point Likert scale in the questionnaire may be used to 

measure both the dependent and independent variables, the descriptive research 

methodology was used in this study. Through the gathering of data, this study 

also tries to investigate and draw conclusions about the relationship between an 

endogenous variable and exogenous variables. This study is regarded as having 

descriptive research because it developed hypotheses that could be used to 

assess correlations between different variables. 

 

3.2 Sampling Design 

In order to accomplish the goals of the study, a researcher will employ sampling, 

according to Sharma (2017), sample size is small number of reference individuals from 

a pre-defined population to act as subjects for observation. 

 

3.2.1 Target Population 

In this study, the target population is UTAR students. There are two campuses 

for UTAR which are Kampar campus and Sungai Long campus. Therefore, this 

study will be targeting the students from both campuses. Next, the students will 

be divided into two groups which include art stream and science stream. 
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Basically, this study will be targeting UTAR students as the topic is adoption of 

AI technology in education among UTAR students.   

 

3.2.2 Sampling Techniques 

In contrast to random selection, non-probability sampling approaches employ a 

methodology in which the sample is chosen based on the researcher's subjective 

judgment (Elfil & Negida, 2017). So, in this study, the researcher will utilize 

non-probability sampling.  

In this case, purposive sampling will also be utilized. The purposeful selection 

of a participant is a component of the purposive sampling method, which is also 

known as judgement sampling. This nonrandom technique does not require 

underlying theories or a predetermined number of participants. Simply defined, 

the researcher chooses what information is necessary to have and then searches 

for sources willing and able to supply it based on their knowledge or experience. 

This includes identifying and choosing individuals or groups of people who are 

knowledgeable and skilled about an interest phenomenon (Etikan, 2016). In this 

study, the researcher is going to approach the UTAR students who are studying 

in art and science stream by distribute the online survey form. 

3.2.3 Sample Size 

For calculating sample size, Roscoe's (1975) guidelines have been a popular 

option for the past few decades. According to Roscoe, most behavioral 

investigations should have a sample size of at least 30 and no more than 500 

(Sekaran & Bougie, 2016). Sample sizes beyond 500 may result in Type II 

errors. The sample size for multivariate data analysis, for instance, regression 

analysis, need to be ten times larger than the total amount of variables (Roscoe, 

1975). Roscoe's guidelines were applied in recent research by Seman et al. 

(2019), Suki and Suki (2017), and Sultana (2020) to estimate the appropriate 
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sample size. It demonstrates that Roscoe's guidelines are still relevant for 

current research. 

Additionally, according to Hair et al. (2018), the minimal observation-to-

variable ratio should be 5:1, although ratios of 15:1 or 20:1 are more desirable. 

Accordingly, even though a minimum of five respondents must be taken into 

account for each independent variable in the framework, 15 to 20 samples for 

each independent variable are strongly advised. Despite the 5:1 ratio seems 

simple to use, students need to take greater ratios (such as 15:1 and 20:1) into 

account when choosing the sample size for their own studies. For instance, 90 

replies are required if my study has 6 independent variables (15:1 ratio).  

Furthermore, recent discoveries imply that researchers should use power 

analysis to select sample size (Hair et al., 2018; Hair et al., 2019; Uttley, 2019; 

Ringle et al., 2018; Kline, 2016). By choosing the portion of a framework with 

the highest number of variables, power analysis establishes the minimal sample 

size. Calculating the minimal sample size necessary needs knowledge of power 

significance level, and effect size (Hair et al., 2018). Selecting the "F tests" 

analysis from the test family selections is the first thing to do once the program 

is open. Select "Linear Multiple Regression: Fixed Model, R2 Deviation from 

Zero" from the list of statistical tests.  The input data for a mediation model will 

be effect size = 0.15, alpha= 0.05, and power = 0.80. In this scenario, the 

researcher inserts "5" as the number of predictors in the input parameters, 

adhering to the maxim of arrows pointing to one variable in the model. 

According to G*Power, 92 samples are the minimum amount that is needed for 

the mediation model. Figure 3.1 shows the G*Power result. 

Thus, in this study, by referring to Roscoe’s guideline, a sample size of 200 

responses is planned to be collected from the UTAR students by using online 

questionnaires such as Google form. 
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Figure 3.1 G*Power result 

 

Source: Develop for the study 

 

3.3 Data Collection Methods 

It is suggested to use a questionnaire survey to get primary data in order to evaluate the 

constructed hypothesis. Primary data are facts obtained by researchers themselves. One 

of the main methods for gathering quantitative data is a questionnaire survey. (Victor, 

2017). Since the goal of this study is to determine the impact of AI technology adoption 

in education among UTAR students, primary data gathering is ideal for this study. 

 

3.4 Research Instrument 

In this study, an online questionnaire was developed and distributed to UTAR students. 

This questionnaire is aimed to examine the adoption of AI technology in education 

among UTAR students. The question in the questionnaire was adopted from past related 

journals to ensure the reliable and validity. 
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The questionnaire was constructed with Section A and Section B, using Google Forms. 

All of the questions were written as closed-ended questions, making it simple for 

respondents to choose the best response from the available multiple-choice options.  

Demographic data will be gathered for Section A by asking respondents for information 

on their gender, level of education, year/semester, stream, and race. This part will 

collect data from a nominal scale to classify the demographic details of the intended 

respondents.  

The link between the use of ChatGPT among UTAR students, the dependent 

variables, and the six independent variables was examined in section B. Additionally, 

to evaluate the respondents' level of agreement, ordinal scale data will be gathered 

using a 7-point Likert scale. 

3.5 Construct Instrument 

Table 3.1: Construct Instrument 

Construct Adopted 

Questionnaire 

Original Questionnaire Scale Source 

Performance 

expectancy 

1. Using ChatGPT 

for my study would 

enable me to 

accomplish tasks 

more quickly. 

2. Using ChatGPT 

would improve my 

academic 

performance. 

3. Using ChatGPT 

for my study would 

1. Using (application 

name) in my job would 

enable me to 

accomplish tasks more 

quickly. 

2. Using (application 

name) would improve 

my job performance. 

3. Using (application 

name) in my job would 

increase my 

productivity. 

1 = Strongly 

Disagree, 7 

= 

Strongly 

Agree 

(Venkatesh & 

Zhang, 2010) 
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increase my 

productivity. 

4. Using ChatGPT 

would enhance my 

effectiveness on my 

academic task. 

5. Using ChatGPT 

would make it 

easier to do my 

academic task. 

6. I would find 

ChatGPT useful in 

my academic task. 

4. Using (application 

name) would enhance 

my effectiveness on the 

job. 

5. Using (application 

name) would make it 

easier to do my job. 

6. I would find 

(application name) 

useful in my job. 

Effort 

Expectancy 

1. Learning to use 

ChatGPT is easy for 

me. 

2. I think it is easy 

to get ChatGPT to 

do what I want it to 

do. 

3. My interaction 

with ChatGPT 

would be clear and 

understandable. 

4. I find ChatGPT is 

flexible to interact 

with. 

1. Learning to operate 

(application name) 

would be easy for me. 

2. I would find it easy 

to get (application 

name) to do what I 

want it to do. 

3. My interaction with 

(application name) 

would be clear and 

understandable. 

4. I would find 

(application name) to 

be flexible to interact 

with. 

1 = Strongly 

Disagree, 7 

= 

Strongly 

Agree 

(Venkatesh & 

Zhang, 2010) 
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5. It is easy for me 

to become skillful 

by using ChatGPT. 

6. I find ChatGPT is 

easy to use.  

5. It would be easy for 

me to become skillful 

at using (application 

name). 

6. I would find 

(application name) easy 

to use. 

Social 

Influence 

1. People who are 

critical to me think 

that I should use 

ChatGPT. 

2. Those who have 

the power to affect 

my behaviour 

believe I should use 

ChatGPT. 

3. Majority of the 

people surrounding 

me using ChatGPT. 

1. People who are 

important to me think 

that I should use 

mobile banking. 

2. People who 

influence my behavior 

think that I should use 

mobile banking. 

3. Most people 

surrounding me use 

mobile banking. 

1 = Strongly 

Disagree, 7 

= 

Strongly 

Agree 

(Sarfaraz, 

2017) 

Perceived 

Risk 

1. I am concerned 

that using ChatGPT 

would cause 

information to be 

compromised, 

violated, and have 

my personal 

information used 

improperly. 

1. I am concerned that 

using ChatGPT will 

lead to 

information leakage, 

violation and misuse of 

personal 

health information. 

2. I am concerned 

about the quality of 

health information 

1 = Strongly 

Disagree, 7 

= 

Strongly 

Agree 

(Kong et al, 

2023) 
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2. The accuracy of 

the academic data 

collected by 

ChatGPT worries 

me. 

3. I worry that the 

academic data I 

acquire through 

ChatGPT will fall 

short of my 

expectations and I 

have no idea how to 

assert my legal 

rights. 

obtained using 

ChatGPT. 

3. I am concerned that 

the health information 

obtained 

through ChatGPT will 

not meet my 

expectations and I do 

not know how to 

protect my rights. 

Perceived 

Entertainment 

1. I think using 

ChatGPT is 

enjoyable. 

2. The actual 

experience of using 

ChatGPT is 

pleasant. 

3. I enjoy using 

ChatGPT. 

1. I find using (the 

system’s name) to be 

enjoyable. 

2. The actual process of 

using (the system’s 

name) is pleasant. 

3. I have fun using (the 

system’s name) 

1 = Strongly 

Disagree, 7 

= 

Strongly 

Agree 

(Venkatesh et 

al., 2012) 

Adoption 

Behavior 

1. I will keep 

gathering 

knowledge on 

ChatGPT. 

1. I will continue to 

acquire AI-related 

information. 

2. I will keep myself 

updated with the latest 

AI applications. 

1 = Strongly 

Disagree, 7 

= 

Strongly 

Agree 

(Chai et al, 

2021) 
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2. I will stay up with 

the most recent 

ChatGPT programs. 

3. I intend to use 

ChatGPT to help me 

in my academic 

process. 

4. I will keep 

studying ChatGPT. 

3. I intend to use AI to 

assist with my learning. 

4. I will continue to 

learn AI. 

Actual Usage 1. I will utilise 

ChatGPT personally 

while learning. 

2. I will use 

ChatGPT personally 

as a resource for 

educational tasks. 

1. I will personally use 

Airlangga University 

e-Learning Application 

(AULA) during 

learning process. 

 

2. I will personally use 

Airlangga University 

e-Learning Application 

(AULA) as a 

reference for learning 

activities. 

1 = Strongly 

Disagree, 7 

= 

Strongly 

Agree 

(Rahmawati,

2019) 

Source: Developed for the study 

 

3.5.1 Nominal Scale 

A categorical variable's diverse values on the nominal scale solely signify 

various groups of objects. In terms of the demographic aspects of the 

questionnaire, the most commonly requested question is the respondents' 

gender, which is a categorical variable (Prabhaker, 2018). The questionnaire 
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will ask about five demographic factors, including gender, education level, year, 

semester, stream, and race. The categorical variables are these five demographic 

questions. Therefore, a nominal scale is employed in this study. 

 

3.5.2 Ordinal Scale 

According to Prabhaker (2018), the range on a seven-point Likert scale is from 

strongly disagree to strongly agree. The scale's sections will evaluate 

respondents' opinions of the performance expectancy, effort expectancy, 

perceived risks, social influences, perceived entertainment, and adoption 

behavior that influenced the use of AI technology in education among UTAR 

students. As a result, this study uses an ordinal scale. 

 

3.6 Pilot Test 

A pilot test will be conducted in advance of the primary research study to evaluate the 

viability of different information-gathering tools and research procedures. The main 

objective of this pilot test is assessing the effectiveness of the research and make any 

necessary adjustments (Cleave, 2021). A total of 30 samples were collected for this 

investigation, and an online questionnaire was used for the test. Table 3.2 shows the 

Cronbach’s Alpha result of this study. 

 

Table 3. 2: Cronbach’s Alpha result 

Variables Cronbach’s Alpha 

Performance Expectancy 0.938 

Effort Expectancy 0.954 
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Social Influence 0.767 

Perceived Risk 0.811 

Perceived Entertainment 0.923 

Adoption Behavior 0.921 

Usage 0.929 

Source: Develop for the study 

All of the variables' values exceed the minimal validation level of 0.70 that is advised 

(Adeniran, 2019). It shows that every scale is inside a respectable and trustworthy range. 

As a result, these above-average values have shown that every value within these seven 

variables has complied with the requirements and is trustworthy enough to be cover in 

this research for additional analysis. 

 

3.7 Proposed Data Analysis 

The reliability test for the pilot test in this study will be conducted using XLSTAT. A 

statistical programme called XLSTAT can be used to perform multivariate analysis on 

large sets of complex data (Vidal et al., 2020). Additionally, the researcher will carry 

out a data regression analysis in SmartPLS to examine the link between exogenous 

variables and endogenous variables.  

 

3.7.1 Descriptive Analysis 

Descriptive analysis helps explain variability, and distribution to enable 

structures to develop and fit the criteria of the data. By the application of the 

histogram, table, and chart, descriptive statistics enable a researcher to assess 

the essential properties of collected data (Kemp et al., 2018).   
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3.7.2 Reliability Test 

One of the most used dependability metrics in the social and organizational 

sciences is Cronbach's alpha (Cronbach, 1951). Typically, a figure between .00 

and 1.0 is represent the value of Cronbach's alpha. A number of 1.0 denotes 

perfect measurement consistency, while a value of.00 denotes no measurement 

consistency.  Depending on the form of research, a range of 0.70 to 0.90 or 

higher is considered acceptable (Adeniran, 2019). Figure 3.2 shows Coefficient 

of Cronbach’s Alpha reliability level.  

Figure 3.2: Coefficient of Cronbach’s Alpha reliability level 

No Coefficient of Cronbach’s Alpha Reliability Level 

1 More than 0.90 Excellent 

2 0.80-0.89 Good 

3 0.70-0.79 Acceptable 

4 0.6-0.69 Questionable 

5 0.5-0.59 Poor 

6 Less than 0.59 Unacceptable 

Source: Arof et al. (2018) 

3.7.3 Inferential Analysis 

Structural equation modelling (SEM) was employed for the inferential analysis 

with the following rationales. SEM is a multivariate analytical method that 

evaluates multiple complex relationships between variables at once. In fact, one 

of the "SEM family members," the Partial Least Square SEM (PLS-SEM), was 

selected for this investigation. The PLS-SEM will be a better approach if the 

study is a development of an existing hypothesis (Hair et al., 2011). To improve 

the UTAUT model's applicability in this regard is one of the study's research 

objectives. 

Additionally, the PLS-SEM is a two-stage analytical process that starts with the 

evaluation of the measurement model and moves on to the structural model. 
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The PLS-SEM analysis was carried out using SmartPLS version 4 (Hair et al., 

2017). Instead of using Cronbach Alpha, PLS-SEM measures the composite 

reliability to determine the internal consistency dependability (Hair et al., 2017). 

Furthermore, the convergent validity is determined by the Average Variance 

Extracted (AVE), the discriminant validity is determined by the heterotrait-

monotrait (HTMT) ratios, and the indicator reliability is determined by the outer 

loadings (Hair et al., 2017). 

The path coefficient, the coefficient of determinant, and the collinearity 

assessment were investigated for the structural model evaluation. First, to 

determine whether there is a collinearity problem, the collinearity evaluation is 

measured using Variance Inflated Factors (VIF). Next, the p-value will be used 

to determine the significance of the path coefficients and the relationship 

between the independent and dependent variables. Furthermore, Hair et al. 

(2017) stated that the Coefficient of Determination (R2) is utilized to figure out 

the extent to which the independent variables in the model influence the 

variance of the dependent variable. 

 

3.8 Conclusion 

This chapter cover a detailed analysis for this research methodology. This chapter 

covered the following topics: construct measurement, target population, data analysis 

techniques, sample size, research instrument (questionnaire design and pilot test), 

sampling methods, sampling design, data collection method, and sampling design. The 

data analysis procedures that described the study questionnaire included descriptive 

analysis, reliability analysis, and inferential analysis.  
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CHAPTER 4: RESEARCH ANALYSIS AND RESULTS 

 

4.0 Introduction 

The results of data analysis were presented in this chapter are based on Chapter 3. The 

distribution of the Google Form resulted in the collection of 200 responses. After the 

data is filtered, only 97.5% of the responses (N=195) are useful because 5 respondents 

have been determined invalid for this study. The actual survey responses, as well as 

descriptive and inferential analyses, will be reviewed. The acquired data will be 

subjected to a Smart PLS version 4 data cleaning procedure. 

 

4.1 Descriptive Analysis 

Descriptive analysis helps explain variability, and distribution to enable structures to 

develop and fit the criteria of the data. By the application of the histogram, table, and 

chart, descriptive statistics enable a researcher to assess the essential properties of 

collected data (Kemp et al., 2018).   

 

4.1.1 Respondent Demographic Profile 

Male respondents are lesser than female respondents, with 107 (53.5%) females 

and 93 (46.5%) males. 142 (71%) of the total respondents’ education level is 

Bachelor’s. Foundation and Postgraduate made up 45 (22.5%) and 13 (6.5%) 

of the respondents' respective educational levels. There are 70 (35%) 

respondents were from year 1, 47 (23.5%) from year 2, 65 (32.5%) from year 3 

and 18 (9%) from year 4.  Responses were collected from art stream and science 

stream, which include 122 (61%) and 78 (39%) respectively. 
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Table 4.1: Demographic Profile of Respondents 

Source: Developed for the research 

 

4.1.2 Respondent General Information on Adoption and Usage 

Table 4.2: Whether respondents have used ChatGPT in their learning process. 

Source: Developed for the research 

Profile Sample (N=200) Percentage 

Gender     

Male 93 46.50% 

Female 107 53.50% 

Education Level     

Foundation 45 22.50% 

Undergraduate 142 71% 

Postgraduate 13 6.50% 

Year Semester     

Year 1 70 35% 

Year 2 47 23.5% 

Year 3 65 32.50% 

Year 4 18 9% 

Stream     

Art Stream 122 61% 

Science Stream 78 39% 

Race     

Chinese 162 81% 

India 23 11.50% 

Malay 15 7.50% 

Have you used ChatGPT in your learning process before?   

Yes 195 97.50% 

No 5 2.50% 
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There were 195 (97.5%) of the respondents used ChatGPT in their learning 

process before and 5 (2.5%) never used ChatGPT in their learning process 

before. 

 

4.2 Measurement Model Evaluation 

The measurement model evaluation was done in the first stage, and the structural model 

assessment was done in the second stage.  

Figure 4.1: Measurement Model 

 

Source: Developed for the Research 

According to Hair et al. (2021), with values greater than 0.708, all of the indicators' 

outer loadings within each construct are considered acceptable. Table 4.2 displays the 

factor loadings, which varied from 0.822 to 0.960. As a result, no indicators are 

excluded from this analysis. According to Hair et al. (2019), reflective measurement 

models should possess composite reliability (CR) values larger than 0.7, average 

variance extracted (AVE) values greater than 0.5, and Cronbach's alpha values higher 

than 0.8. Table 4.3 displays the reflecting measurement model's findings. The AVE 

value for each element was more than 0.5, and the research approved it.  All six 
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structures met the requirements of having an AVE of greater than 0.5 and a CR of 

greater than 0.7.  As a result, all of the constructs satisfied the requirements for 

reliability and convergent validity. 

Table 4.3: Summary of Constructs Reliability and Validity 

Construct Items 

Factor 

Loading 

Cronbach's 

Alpha 

Composite 

Reliability 

(rho_a) 

Composite 

Reliability 

(rho_c) 

Average 

Variance 

Extracted 

(AVE) 

Performance 

Expectancy PEX1 0.872 0.925 0.927 0.953 0.870 

 PEX2 0.853     

 PEX3 0.894     

 PEX4 0.879     

 PEX5 0.857     

  PEX6 0.853         

Effort 

Expectancy EE1 0.847 0.942 0.944 0.954 0.776 

 EE2 0.898     

 EE3 0.905     

 EE4 0.874     

 EE5 0.869     

  EE6 0.890         

Social Influence SI1 0.925 0.873 0.876 0.923 0.800 

 SI2 0.932     

  SI3 0.822         

Perceived Risk PR1 0.878 0.871 0.876 0.921 0.795 

 PR2 0.915     

  PR3 0.881         

Perceived 

Entertainment PE1 0.925 0.925 0.927 0.953 0.870 

 PE2 0.944     

  PE3 0.929         

Adoption 

Behavior AB1 0.906 0.936 0.936 0.954 0.839 

 AB2 0.917     

 AB3 0.920     
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  AB4 0.920         

Actual Usage AU1 0.960 0.915 0.915 0.954 0.839 

 AU2 0.960         

Source: Developed for the research 

The outer loading of each item on the corresponding construct must be bigger than the 

loading of the item on other constructs in order to prove discriminant validity utilizing 

the cross-loadings approach (Chin, 1998). As indicated by table 4.4, in this instance, 

each item's outer loading on the related construct was higher than the item's loading on 

other constructs. There are issues with discriminant validity if the HTMT levels are 

high. According to Hair et al. (2019), a result of 0.90 or less would indicate the presence 

of discriminant validity. Table 4.5 shows that most of the constructions have met the 

more conservative cut-off value suggested by Henseler et al. (2015), which is a 

threshold value of less than 0.85. However, there were two correlations between the 

constructs with HTMT values of 0.859 and 0.853, which were both greater than 0.85 

but less than 0.90. The HTMT threshold value indicated that the value was acceptable. 

Table 4.4: Cross Loading Criterion Results 

  AB AU EE PE PEX PR SI 

AB1 0.906 0.682 0.626 0.679 0.722 0.547 0.688 

AB2 0.917 0.69 0.622 0.687 0.687 0.574 0.71 

AB3 0.92 0.716 0.592 0.673 0.691 0.547 0.645 

AB4 0.92 0.718 0.603 0.669 0.713 0.566 0.64 

AU1 0.736 0.96 0.585 0.639 0.714 0.51 0.647 

AU2 0.735 0.96 0.61 0.662 0.698 0.541 0.669 

EE1 0.55 0.544 0.847 0.595 0.658 0.441 0.525 

EE2 0.538 0.485 0.898 0.611 0.678 0.488 0.604 

EE3 0.605 0.572 0.905 0.642 0.707 0.467 0.662 

EE4 0.587 0.572 0.874 0.579 0.681 0.414 0.607 

EE5 0.59 0.478 0.869 0.618 0.668 0.431 0.637 

EE6 0.643 0.626 0.89 0.653 0.717 0.449 0.599 

PE1 0.661 0.6 0.639 0.925 0.735 0.49 0.655 
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PE2 0.683 0.624 0.652 0.944 0.736 0.489 0.687 

PE3 0.722 0.668 0.669 0.929 0.767 0.501 0.705 

PEX1 0.644 0.673 0.677 0.687 0.872 0.434 0.628 

PEX2 0.653 0.629 0.642 0.666 0.853 0.457 0.693 

PEX3 0.703 0.65 0.675 0.721 0.894 0.52 0.724 

PEX4 0.616 0.569 0.645 0.706 0.879 0.446 0.628 

PEX5 0.617 0.613 0.683 0.682 0.857 0.517 0.627 

PEX6 0.732 0.683 0.726 0.704 0.853 0.515 0.706 

PR1 0.552 0.521 0.474 0.523 0.532 0.878 0.527 

PR2 0.58 0.511 0.456 0.478 0.514 0.915 0.449 

PR3 0.494 0.423 0.428 0.408 0.435 0.881 0.406 

SI1 0.666 0.616 0.619 0.678 0.692 0.445 0.925 

SI2 0.67 0.616 0.627 0.714 0.703 0.497 0.932 

SI3 0.628 0.606 0.601 0.566 0.675 0.446 0.822 

Source: Developed for the research 

Table 4.5: HTMT Results 
 

AB AU EE PE PEX PR SI 

AB 
       

AU 0.828 
      

EE 0.708 0.668 
     

PE 0.793 0.735 0.749 
    

PEX 0.814 0.792 0.827 0.859 
   

PR 0.673 0.610 0.561 0.587 0.612 
  

SI 0.811 0.768 0.759 0.813 0.853 0.593 
 

Source: Developed for the research 

4.3 Structural Model Assessment 

It is essential to determine the degree of collinearity before assessing the structural 

model.  VIF values between 3 and 5 are typically regarded as acceptable because they 
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are not critical (Hair et al., 2019). Table 4.5 indicates that there are no signs of 

collinearity concerns. It is because all of the VIF values are between 1.000 to 4.312 and 

less than the criterion of 5. According to Hair et al. (2019), larger values of the R2, 

which range from 0 to 1, suggest greater explanatory power. R2 values of 0.75, 0.50, 

and 0.25 are considered significant, moderate, and weak, respectively. The dependent 

constructs' coefficient of determination (R2), adoption behavior (AB), and actual usage 

(AU) are displayed in Table 4.6. The R2 value and adjusted R2 value in AB and AU are 

both acceptable. With an adjusted R2 value of 0.679 and an R2 value of 0.687 for the 

AB construct, these values suggest a moderate impact size. This indicates that 68.7% 

of the variance in the adoption behavior towards using ChatGPT in the learning process 

of UTAR students can be explained by the five (5) independent factors (PEX, EE, PR, 

PE, and SI), with other variables accounting for the remaining 31.3% of the variance. 

Furthermore, with an adjusted R2 value of 0.585 and an R2 value of 0.587, the AU 

construct showed a moderate impact size. This implied that adoption behavior 

explained 58.7% of the variance in actual usage of ChatGPT in UTAR students’ 

learning process. 

Table 4.6: Structural Model’s Construct Assessment Result 

  VIF f2   R-square 

R-square 

adjusted 

AB-->AU 1.000 1.421 AB 0.687 0.679 

EE-->AB 2.758 0.002 AU 0.587 0.585 

PE-->AB 3.168 0.050    

PEX-->AB 4.312 0.049    

PR-->AB 1.527 0.088    

SI-->AB 2.832 0.062       

Source: Developed for the research 
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4.4 Hypotheses Testing 

In order for the hypotheses to be accepted, t-statistic must be higher than 1.96 (Hair et 

al., 2019). Furthermore, according to Lohmöeller (1989), p-values less than 0.05 are 

considered statistically significant, and the path coefficient was greater than 1. Table 

4.7 shows that a non-significant path coefficient value of 0.046, t-statistics value of 

0.506, and p-value of 0.613 reject a relationship between effort expectancy and 

adoption behavior (H2). The association between adoption behavior and perceived risk 

(H4) is thus likewise rejected as indicated by a p-value of 0.059, a path coefficient 

value of 0.205, and a statistics value of 1.901. Furthermore, a non-significant path 

coefficient value of 0.222, a t-stat value of 0.805, and a p-value of 0.073 reject the 

relationship between perceived entertainment and adoption behaviour (H5). With a 

path coefficient value of 0.256, a t-statistics value of 2.384, and a p-value of 0.018, the 

relationship between adoption behavior and performance expectancy (H1) is positively 

correlated and highly significant. Similarly, the path coefficient value of 0.235, t-

statistics value of 2.745, and p-value of 0.007 all support the relationship between 

social influence and adoption behavior (H3), indicating that it has a positive 

relationship and highly statistically significant. Finally, the relationship between 

adoption behavior and actual usage (H6) is positive related and highly significant with 

a path coefficient value of 0.766, t-statistics value of 11.992.  

Table 4.7: Hypotheses Testing Result 

  

Path 

Coefficient 

(β) 

Sample 

Mean 

(M) 

Standard 

Deviation 

(STDEV) 

T Statistic 

(|O/STDEV|) 

P-

Values Interference 

H1: PEX-

->AB 0.256 0.262 0.107 2.384 0.018 Supported 

H2: EE-->AB 0.046 0.048 0.092 0.506 0.613 Not Supported 

H3: SI-->AB 0.235 0.227 0.085 2.745 0.007 Supported 
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H4: PR-->AB 0.205 0.198 0.108 1.901 0.059 Not Supported 

H5: PE-->AB 0.222 0.227 0.123 1.805 0.073 Not Supported 

H6: AB-->AU 0.766 0.757 0.064 11.992 0.000 Supported 

Source: Developed for the research 

 

4.5 Conclusion 

This chapter covered descriptive analysis, measurement model evaluation, structural 

model assessment, and hypothesis testing. In this case, H1, H3, and H6 are supported 

by the structural model evaluation results.  
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CHAPTER 5: DISCUSSION & CONCLUSION 

 

5.0 Introduction 

This chapter will cover in detail the findings that were demonstrated in Chapter 4, as 

well as the study's limitations, implications, and recommendations for further research. 

It will also conclude with a full discussion. 

 

5.1 Discussion of Major Findings 

Table 5.1: Summary of Hypothesis Testing Results 

Hypothesis P-

value  

Result 

H1: There is a significant relationship between 

performance expectancy and adoption behavior. 

0.018 Supported 

H2: There is a significant relationship between effort 

expectancy and adoption behavior. 

0.613 Not 

Supported 

H3: There is a significant relationship between social 

influence and adoption behavior. 

0.007 Supported 

H4: There is a significant relationship between perceived 

risk and adoption behavior. 

0.059 Not 

Supported 

H5: There is a significant relationship between perceived 

entertainment and adoption behavior. 

0.073 Not 

Supported 

H6: There is a significant relationship between adoption 

behavior and usage. 

0.000 Supported 
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Source: Developed for the study 

H1: There is a significant relationship between performance expectancy (PEX) and 

adoption behavior (AB). 

PEX and AB have a positive relationship, according to Table 5.1. Previous research by 

Li et al. (2016) and Lin et al. (2022) supports the finding. In this instance, UTAR 

students might believe that by having quick access to knowledge, conceptual 

clarification, and help with problem-solving, ChatGPT can improve their learning 

outcomes. Adoption may be influenced by expectations that the technology would 

improve academic performance. 

H2: There is a significant relationship between effort expectancy (EE) and adoption 

behavior (AB). 

The results indicated that EE has no effect on AB, as shown in Table 5.1. The p-value 

of 0.613 shows that H2 is not significant in this research. This result went against the 

findings of Wong et al. (2015)'s earlier study, which claimed that effort expectancy is 

regularly recognized as a critical factor influencing user adoption behavior. 

Nevertheless, earlier research has also found a negative correlation between EE and 

AB with technological innovation, such as the adoption of remote mobile payments 

(Slade et al. 2015). According to Chong's (2013) findings, EE had no influence on AB's 

decision to use mobile commerce; this was attributed to AB's comfort level with the 

devices. The previous study shows why the effect of EE on AB is more important for 

nonusers who are unfamiliar with remote mobile payment; those who are already 

familiar with mobile payment are likely to be familiar with the functioning of remote 

mobile payment. Consequently, given the current study's setting, one explanation for 

this would be that ChatGPT is a relatively new technology, having only launched in 

November 2022. As a result, many users still do not know how to use ChatGPT and 

believe it will be difficult for them to learn. 
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H3: There is a significant relationship between social influence (SI) and adoption 

behavior (AB). 

Table 5.1 demonstrates that there is a significant relationship between SI and AB. 

Customers typically install the same applications as a reference group, such as friends, 

family, or a work colleague, in order to communicate and share knowledge with them. 

This finding has been confirmed by earlier research conducted by Chua et al. (2018). 

According to a previous study by Liébana-Cabanillas et al. (2018), users generally 

behave in a particular way in order to live up to the expectations of their friends, family, 

and the larger community. In this scenario, when students decide to include a new 

technology such as ChatGPT into their learning process, social influence may have an 

impact on their ideas and values, and people respond to social pressure by acting in 

specific ways. 

H4: There is a significant relationship between perceived risk (PR) and adoption 

behavior (AB).  

According to Table 5.1, the results show that PR has no influence on AB, with a p-value 

of 0.059, which is greater than 0.05. This indicates that H4 in this investigation is not 

statistically significant. This result opposes the conclusions of Lin et al.'s earlier study 

from 2022, which found that PR and AB had a negative connection. This indicates that 

if a person perceives a high level of risk, they will adopt new technology less quickly. 

Past research has also revealed that PR has no influence on AB, meaning that people 

would continue to accept new technology even if it poses a risk. The results of 

perceived risk and trust as unitary factors on adoption behavior were validated by 

previous research conducted by Chang & Wu (2012). Trust and perceived risk have 

long been acknowledged in marketing literature as significant determinants of 

consumer behavior. According to Slade et al. (2015), trust was also discovered to have 

an indirect impact on behavioral intention to accept remote mobile payments through 

this relationship. The present study highlights the correlation between perceived risk 
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and confidence in remote mobile payment systems. Therefore, it is crucial to employ 

advanced security measures and provide assurances about security and privacy. 

Furthermore, policies that ensure satisfaction are another type of trust-building strategy 

that could aid in lowering risk perceptions (Lu et al., 2011). As a result, even though 

ChatGPT may result in information leakage, privacy violations, and misuse of personal 

information, UTAR students continue to use it in their learning process. It can be as a 

result of users' great happiness and sense of trust with ChatGPT. 

H5: There is a significant relationship between perceived entertainment (PE) and 

adoption behavior (AB). 

According to Table 5.1, the results demonstrate that the PR has no impact on AB, with 

a p-value of 0.073, which is greater than 0.05. As a result, H5 is not statistically 

significant in the current study. This result opposes the results of a prior study by Lin 

et al. (2022), which found that PE had the greatest positive impact on user AB. This 

could be because the future generation of users of AI-enabled online education products 

is probably interested in engaging in learning. Past research has also discovered that 

PE has no effect on how AB is shaped. Al-Abdullatif and Mohammed (2023) claimed 

that there is no evident relationship between students' adopting behavior towards 

chatbots and their perception of amusement. Users might not be aware of a chatbot's 

instructional potential if the overall perception is mostly for pleasure. They might not 

use or explore its features, which could provide for a more productive learning 

environment. Thus, in this scenario, it is possible to speculate that UTAR students 

typically regard ChatGPT as beneficial rather than enjoyable. 

H6: There is a significant relationship between adoption behavior (AB) and actual 

usage (AU). 

Table 5.1 demonstrates that there is a positive relationship between AB and AU. The 

results have been supported by earlier research conducted by Chatterjee and 

Bhattacharjee (2020), which noted that adoption behavior had a substantial impact on 
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how technology was actually used in higher education and language e-learning 

programs (Lin et al., 2022). According to the current study, UTAR students who have 

adopted the practice of using ChatGPT in their learning will actually use ChatGPT 

during their learning process. As a result, the current study provided more evidence of 

the adopting behavior's substantial impact on students' actual usage. 

 

5.2 Implications of the Study 

This section covers the theoretical implications and managerial implications. 

 

5.2.1 Theoretical Implication 

The Unified Theory of Acceptance and Use of Technology (UTAUT) model 

provided the theoretical foundation for the conceptual framework of the current 

study. This study aims to investigate the students' adoption behavior with 

ChatGPT in their learning process and the factors that will impact their adoption 

behavior (PEX, EE, SI, PE, PR) and further influence the actual usage 

of ChatGPT. The findings of this study provide more proof that the UTAUT 

model are applicable when it comes to the acceptability of AI in education. Any 

research model must be modified to maintain its relevance and appropriateness. 

Stated differently, the goal is to maintain the model's relevance to the ever-

changing environment. The constructs of EE, PR, and PE were found to have 

no influence on consumers' adoption behavior on ChatGPT during the learning 

process, according to the results of the current study. Consequently, in the future, 

researchers can think about substituting these variables with others that might 

have significant effects on users' adoption of new innovations or technologies. 
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5.2.2 Managerial Implication 

The results of the current study offered a number of managerial implications 

and recommendations to educators who plan to integrate ChatGPT into their 

students' learning process. First of all, the survey indicates that students are 

open to using ChatGPT if it helps them be more productive with their 

assignments. If users think a technology will improve their performance or help 

them with their jobs and goals, they are more willing to adopt and use it. 

Educational institutions ought to create extensive training curricula to 

encourage a full comprehension of ChatGPT's capabilities. These presentations 

ought to stress not just ChatGPT's features but also how it might improve 

academic achievement. By equipping students with the necessary information 

and abilities to utilize ChatGPT efficiently, educational institutions can 

positively impact the way people perceive the tool's capabilities. For example, 

educators can give engaging hands-on workshops in which students actively 

use ChatGPT under the supervision of instructors. Through this hands-on 

experience, they will become more proficient and confident in using the tool. 

Second, the study found that students are more likely to utilize ChatGPT if most 

of the individuals around them are doing so as well. By urging early adopters 

to share their positive experiences with the student, educators may capitalize on 

the power of peer recommendations and testimonials. In order to generate 

attractive buzz about ChatGPT, it is imperative to establish a strong presence 

on social media platforms where students are actively involved. This will 

facilitate the sharing of user experiences, success stories, and pertinent content. 

Implementing a student ambassadors' program increases social influence by 

allowing enthusiastic users to promote the ChatGPT within their peer groups, 

answering questions, and sharing insights. Social proof increases the 
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trustworthiness and appeal of marketing materials. Examples of this type of 

proof include displaying the number of students or academic institutions that 

use ChatGPT. 

Lastly, based on this research, there is a positive relationship between adoption 

behavior and actual usage of ChatGPT adoption among UTAR students. 

Consequently, educators have an obligation to offer prompt and helpful 

assistance to students who encounter difficulties. Furthermore, asking student 

comments on a frequent basis can yield insightful information for 

enhancements, and monitoring student usage of ChatGPT through analytics 

facilitates decision-making. Users find the tool more engaging when they may 

customize it to some extent. 

 

5.3 Limitations and Recommendations  

As with any research, there are several limitations to this research. In order to verify a 

user's actual experience and accomplishment, the researcher should have added a filter 

question to the Google Form to make sure that every respondent had utilized ChatGPT. 

This was not done by the researcher in this survey, hence only 195 out of 200 

respondents used ChatGPT, affecting the study's accuracy. 5 out of 200 respondents did 

not use ChatGPT. To guarantee the quality and accuracy of this research, it is advised 

that future researchers include a filter question in the questionnaire.  

Lastly, this study is exclusive for UTAR. It may be replicated in other study. Therefore, 

it is recommended that future researchers can also consider comparison between private 

and public university. For example, future researcher can investigate the students at 

other private universities such as Tarumt, and Sunway and compare with public 

university like UM, and UTM. 
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5.4 Conclusion 

In summary, this chapter covered discussion, implications, limitations, and 

recommendations. This research has provided insightful information about the 

adoption of AI in education among UTAR students in the case pf ChatGPT. 

 

 

 

  



ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 52 of 76 
 
 

REFERENCES 

Access, 8(2169-3536), 75264–75278. https://doi.org/10.1109/ACCESS.2020.2988510 

Adeniran, A. O. (2019). Application of Likert scale’s type and Cronbach’s alpha 

analysis in an airport perception study. Scholar Journal of Applied Sciences and 

Research, 2(4), 1-5. 

Ajzen,  I.  (1985)  ‘From  intentions  to  actions:  a  theory  of  planned  behavior’,  

Action  Control, Springer, Heidelberg, pp.11–39. 

Ajzen, I. (1985). From intentions to actions: A theory of planned behavior. In Action 

control: From cognition to behavior (pp. 11-39). Berlin, Heidelberg: Springer 

Berlin Heidelberg. 

Ajzen, I. (1991). The theory of planned behavior. Organizational Behavior and 

Human Decision Processes, 50(2), 179–211. doi:10.1016/0749-

5978(91)90020-t  

Ajzen, I. (2020). The theory of planned behavior: Frequently asked questions. Human 

Behavior and Emerging Technologies, 2(4), 314-324. 

Ajzen, I. and Fishbein, M. (1980) Understanding Attitudes and Predicting Social 

Behaviour. Englewood Cliffs, NJ: Prentice-Hall. 

Al-Abdullatif, A. M. (2023). Modeling Students’ Perceptions of Chatbots in Learning: 

Integrating Technology Acceptance with the Value-Based Adoption 

Model. Education Sciences, 13(11), 1151. 

Althuizen, N. (2017). Using structural technology acceptance models to segment 

intended users of a new technology: Propositions and an empirical 

illustration. Information Systems Journal, 28(5), 879–

904. doi:10.1111/isj.12172  

Anelli, C. G., Len, C. A., Terreri, M. T. R., Russo, G., & Reiff, A. O. (2019). 

Translation and validation of the transition readiness assessment questionnaire 

(TRAQ). Jornal de Pediatria, 95, 180-187. 

Armitage, C. J., & Conner, M. (2001). Efficacy of the Theory of Planned Behaviour: 

A meta-analytic review. British Journal of Social Psychology, 40(4), 471–

499. doi:10.1348/014466601164939 

Artificial Intelligence (AI): Understanding the Potential Benefits of ChatGPT in 



ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 53 of 76 
 
 

assessments in higher education? 1, 6(1). 

https://doi.org/10.37074/jalt.2023.6.1.9 

Awwad, M.S. and Al-Majali, S.M. (2015) Electronic library services acceptance and 

use. The Electronic Library [online]. 33(6), pp. 1100 – 1120. 

B. Owens. (2023). How Nature Readers are Using ChatGPT—Nature.com. Accessed: 

Feb. 22, 2023. [Online]. Available: https://www.nature. com/articles/d41586-

023-00500-8 

Baidoo-Anu, D., & Owusu Ansah, L. (2023, January 25). Education in the Era of 

Generative 

Baidoo-Anu, D., & Ansah, L. O. (2023, January 25). Education in the era of 

generative artificial intelligence (AI): Understanding the potential benefits of 

ChatGPT in promoting teaching and 

learning. https://dx.doi.org/10.2139/ssrn.4337484 

Baran, M. L. (2022). Mixed methods research design. In Research Anthology on 

Innovative Research Methodologies and Utilization Across Multiple 

Disciplines (pp. 312-333). IGI Global. 

Bauer,  R.A.  (1960b)  ‘Dynamic  marketing  for  a  changing  world’,  by  RS  

Hancock,  R.S.  (Ed.):  Dynamic  Marketing  for  a  Changing  World:  

Proceedings  of  the  43rd  National  Conference  of  the American Marketing 

Association, Chicago, pp.389–398. 

Bauer, R.A. (1960a) ‘Consumer behavior as risk taking, in Hancock, R.S. (Ed.): 

Proceedings of the 43rd American Marketing Association Conference, 

Chicago, IL, pp.384–398. 

Bengio, Y., Lecun, Y., & Hinton, G. (2021). Deep learning for AI. Communications of 

the ACM, 64(7), 58-65. 

Bhardwaj, P. (2019). Types of sampling in research. Journal of the Practice of 

Cardiovascular Sciences, 5(3), 157. 

Brown, S.A., Dennis, A.R. and Venkatesh, V. (2016) Predicting collaboration 

technology use: integrating technology adoption and collaboration research. 

Journal of Management Information Systems. 27(2), pp. 9- 53. 

Cabada, R. Z., Estrada, M. L. B., Hernández, F. G., Bustillos, R. O., & Reyes-García, 

C. A. (2017). An affective and Web 3.0-based learning environment for a 

https://doi.org/10.37074/jalt.2023.6.1.9
https://dx.doi.org/10.2139/ssrn.4337484


ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 54 of 76 
 
 

programming language. Telematics and Informatics, 35(3), 611–628. 

https://doi.org/10.1016/j.tele.2017.03.005 

Chai, C. S., Wang, X., & Xu, C. (2020). An extended theory of planned behavior for 

the modelling of Chinese secondary school students’ intention to learn 

artificial intelligence. Mathematics, 8(11), 2089. 

Chao, C. M. (2019). Factors determining the behavioral intention to use mobile 

learning: An application and extension of the UTAUT model. Frontiers in 

psychology, 10, 1652. 

Chatterjee, S., & Bhattacharjee, K. K. (2020). Adoption of artificial intelligence in 

higher education: A quantitative analysis using structural equation modelling. 

Education and Information Technologies, 25, 3443–3463. 

https://doi.org/10.1007/s10639-020- 10159-7 

Chatterjee, S., & Bhattacharjee, K. K. (2020). Adoption of artificial intelligence in 

higher education: A quantitative analysis using structural equation 

modelling. Education and Information Technologies, 25, 3443-3463. 

Chen, L., Chen, P., & Lin, Z. (2020). Artificial Intelligence in Education: A Review. 

IEEE 

Chen, X., Xie, H., Zou, D. and Hwang, G.J. (2020) ‘Application and theory gaps 

during the rise of artificial   intelligence   in   education’,   Computers   and   

Education:   Artificial   Intelligence.  Doi: 10.1016/j.caeai.2020.100002. 

Chong, A. (2013). A two-staged SEM-neural network approach for understanding and 

predicting the determinants of mcommerce adoption. Expert Systems with 

Applications, 40, 1240–1247. 

Choudhury, A., & Shamszare, H. (2023). Investigating the Impact of User Trust on 

the Adoption and Use of ChatGPT: Survey Analysis. Journal of Medical 

Internet Research, 25, e47184 

Chua, P. Y., Rezaei, S., Gu, M.-L., Oh, Y., & Jambulingam, M. (2018). Elucidating 

social networking apps decisions. Nankai Business Review International, 9(2), 

118–142. doi:10.1108/nbri-01-2017-0003  

Cleave, P. (2021). Pilot Testing Questionnaires - SmartSurvey. Retrieved July 27, 

2022, from SmartSurvey website: 

https://www.smartsurvey.co.uk/blog/pilottesting-questionnaires 

https://doi.org/10.1007/s10639-020-%2010159-7
https://www.smartsurvey.co.uk/blog/pilottesting-questionnaires


ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 55 of 76 
 
 

Compeau,  D.R.  and  Higgins,  C.A.  (1995)  ‘Application  of  social  cognitive  

theory  to  training  for  computer skills’, Information Systems Research, Vol. 

6, No. 2, pp.118–143. 

Conner, M., & Armitage, C. J. (1998). Extending the theory of planned behavior: A 

review and avenues for further research. Journal of applied social 

psychology, 28(15), 1429-1464. 

Cronbach, L. J. (1951). Coefficient alpha and the interval structure of tests. 

Psychometrika, 16, 297–334. 

Cruz-Benito,  J.,  Sánchez-Prieto,  J.C.,  Therón,  R.  and  García-Peñalvo,  F.J.  

(2019)  ‘Measuring  students’  acceptance  to  ai-driven  assessment  in  

elearning:  proposing  a  first  TAM-based  research model’, International 

Conference on Human-Computer Interaction, Springer, Cham, pp.15–25. 

Cunningham, M.S. (1967) The Major Dimensions of Perceived Risk: Risk Taking and 

Information Handling  in  Consumer  Behavior,  Graduate  School  of  

Business  Administration,  Harvard  University, Boston. 

Davis  Jr,  F.D.  (1986)  A  technology  acceptance  model  for  empirically  testing  

new  end-user  information  systems:  Theory  and  results,  Doctoral  

dissertation,  Massachusetts  Institute  of  Technology. 

Davis,  F.D.,  Bagozzi,  R.P.  and  Warshaw,  P.R.  (1992)  ‘Extrinsic  and  intrinsic  

motivation  to  use  computers  in  the  workplace  1’,  Journal  of  Applied  

Social  Psychology,  Vol.  22,  No.  14,  pp.1111–1132.   

Davis,  F.D.,  Bagozzi,  R.P.  and  Warshaw,  P.R.  (1992)  ‘Extrinsic  and  intrinsic  

motivation  to  use  computers  in  the  workplace  1’,  Journal  of  Applied  

Social  Psychology,  Vol.  22,  No.  14,  pp.1111–1132. 

Davis, F. D. (1989). Perceived usefulness, perceived ease of use, and user acceptance 

of information technology. MIS Quarterly, 13(3), 319e340. http://doi.org/10. 

2307/249008 

de Ruyter, K., & Wetzels, M. G. M. (2000). The Impact of Perceived Listening 

Behavior in Voice-to-Voice Service Encounters. Journal of Service Research, 

2(3), 276–284. https://doi.org/10.1177/109467050023005 

Dennis,  C.,  King,  T.,  Kim,  J.  and  Forsythe,  S.  (2007)  ‘Hedonic  usage  of  

product  virtualization  technologies  in  online  apparel  shopping’,  



ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 56 of 76 
 
 

International  Journal  of  Retail  and  Distribution  Management, Vol. 35, No. 

6, pp.502–514. 

Dwivedi, Y. K., Kshetri, N., Hughes, L., Slade, E. L., Jeyaraj, A., Kar, A. K., 

Baabdullah, A. M., Koohang, A., Raghavan, V., Ahuja, M., Albanna, H., 

Albashrawi, M. A., AlBusaidi, A. S., Balakrishnan, J., Barlette, Y., Basu, S., 

Bose, I., Brooks, L., Buhalis, D., & Carter, L. (2023). “So what if ChatGPT 

wrote it?” Multidisciplinary perspectives on opportunities, challenges and 

implications of generative conversational AI for research, practice and policy. 

International Journal of Information Management, 71(102642), 1–63. 

https://doi.org/10.1016/j.ijinfomgt.2023.102642 

Dwivedi, Y. K., Rana, N. P., Jeyaraj, A., Clement, M., & Williams, M. D. (2019). Re-

examining the unified theory of acceptance and use of technology (UTAUT): 

Towards a revised theoretical model. Information Systems Frontiers, 21, 719-

734. 

E. A. M. van Dis, J. Bollen, W. Zuidema, R. van Rooij, and C. L. Bockting. (2023). 

ChatGPT: Five Priorities for Research—Nature.com. Accessed: Feb. 22, 2023. 

[Online]. Available: https://www.nature. com/articles/d41586-023-00288-7 

Elfil, M., & Negida, A. (2017). Sampling methods in clinical research: An educational 

review. Emergency, 5 (1), Article e52, 1–3. 

Emon, M. M. H., Hassan, F., Nahid, M. H., & Rattanawiboonsom, V. (2023). 

Predicting Adoption Intention of Artificial Intelligence. AIUB Journal of 

Science and Engineering (AJSE), 22(2), 189-199. 

Etikan, I., Musa, S. A., & Alkassim, R. S. (2016). Comparison of convenience 

sampling and purposive sampling. American journal of theoretical and 

applied statistics, 5(1), 1-4. 

Fam, C. (2023, June 14). Minister: Higher education ministry to allow ChatGPT use 

at local universities, guidelines must be followed. The 

Star. https://www.thestar.com.my/tech/tech-news/2023/06/14/minister-higher-

education-ministry-to-allow-chatgpt-use-at-local-universities-guidelines-must-

be-followed 

Fan, W., Liu, J., Zhu, S., & Pardalos, P. M. (2018). Investigating the impacting factors 

for the healthcare professionals to adopt artificial intelligence-based medical 

diagnosis support system (AIMDSS). Annals of Operations 

Research. doi:10.1007/s10479-018-2818-y  

https://doi.org/10.1016/j.ijinfomgt.2023.102642
https://www.thestar.com.my/tech/tech-news/2023/06/14/minister-higher-education-ministry-to-allow-chatgpt-use-at-local-universities-guidelines-must-be-followed
https://www.thestar.com.my/tech/tech-news/2023/06/14/minister-higher-education-ministry-to-allow-chatgpt-use-at-local-universities-guidelines-must-be-followed
https://www.thestar.com.my/tech/tech-news/2023/06/14/minister-higher-education-ministry-to-allow-chatgpt-use-at-local-universities-guidelines-must-be-followed


ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 57 of 76 
 
 

Farivar, S., Turel, O., & Yuan, Y. (2018). Skewing users’ rational risk considerations 

in social commerce: An empirical examination of the role of social 

identification. Information and Management, 55(8), 1038-1048. 

https://doi.org/10.1016/j.im.2018.05.008 

Feng, L., Kong, X., Zhu, S. and Yang, H.H. (2015) ‘An investigation of factors 

influencing college students’  mobile  learning  behavior’,  International  

Conference  on  Hybrid  Learning  and  Continuing Education, Springer, 

Cham, pp.323–333. 

Fishbein,  M.  and  Ajzen,  I.  (1977)  Belief,  Attitude,  Intention,  and  Behavior:  An  

Introduction  to  Theory and Research, Addison-Wesley, Reading, MA. 

Fu, K., Lokesh Krishna, K., & Sabitha, R. (2021). Artificial intelligence applications 

with e-learning system for China’s higher education platform. Journal of 

Interconnection Networks, 21(3), 2143016. 

https://doi.org/10.1142/S0219265921430167 

Goertzen, M. (2017). Introduction to Quantitative Research and Data. Library 

Technology Reports, 53(4), 12–18. 

https://journals.ala.org/index.php/ltr/article/view/6325/8275 

Gonçalves, J., Mateus, R., Silvestre, J. D., Roders, A. P., & Bragança, L. 

(2021). Attitudes matter: Measuring the intention-behaviour gap in built 

heritage conservation. Sustainable Cities and Society, 70, 

102913. doi:10.1016/j.scs.2021.102913 

Goodhue,  D.L.  and  Thompson,  R.L.  (1995)  ‘Task-technology  fit  and  individual  

performance’,    MIS QuarterlyQuarterly, Vol. 19, No. 2, pp.213–236. 

Gursoy, D., Del Chiappa, G., & Zhang, Y. (2016). Preferences regarding external 

information sources: a conjoint analysis of visitors to Sardinia, Italy. Journal 

of Travel & Tourism Marketing, 34(6), 806–820. 

doi:10.1080/10548408.2016.1237405 

Hair Jr, J. F., Hult, G. T. M., Ringle, C. M., Sarstedt, M., Danks, N. P., Ray, S., ... & 

Ray, S. (2021). Evaluation of reflective measurement models. Partial Least 

Squares Structural Equation Modeling (PLS-SEM) Using R: A Workbook, 75- 

90 

Hair, J. F., Hult, G. T. M., Ringle, C. M., & Sarstedt, M. (2017). A Primer on Partial 

Least Squares Structural Equation Modeling (PLS-SEM), 2nd ed. Thousand 

Oaks, CA: Sage. 

https://doi.org/10.1016/j.im.2018.05.008
https://doi.org/10.1142/S0219265921430167
https://journals.ala.org/index.php/ltr/article/view/6325/8275


ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 58 of 76 
 
 

Hair, J. F., Ringle, C. M., & Sarstedt, M. (2011). "PLS-SEM: Indeed a Silver Bullet." 

Journal of Marketing Theory and Practice 19 (2): 139-151. 

Hair, J. F., Risher, J. J., Sarstedt, M., & Ringle, C. M. (2019). When to use and how to 

report the results of PLS-SEM. European business review, 31(1), 2-24. 

Harris, I. (2017). Analisis Technology Acceptance Model (TAM) terhadap Tingkat 

Penelrimaan e-Learning pada Kalangan Mahasiswa (Studi Empiris pada 

Universitas Internasional Batam dan UPBJJ-UT Batam). Jurnal Terapan 

Manajemen dan Bisnis, 3(1), 1-20. 

Indiani, N. L. P., Rahyuda, I. K., Kerti Yasa, N. N., & Sukaatmadja, I. P. G. (2015). 

Perceived risk and trust as major determinants of actual purchase, 

transcending the influence of intention. ASEAN Marketing Journal, 7(1), 1-

13. https://doi.org/10.21002/amj.v7i1.4601 

Jacoby, J. and Kaplan, L.B. (1972) ‘The components of perceived risk’, Proceedings 

of the Annual Conference of the Association for Consumer Research, Vol. 10, 

pp.382–393. 

Jeon, M. M., Lee, S. (Ally), & Jeong, M. (2017). e-Social Influence and Customers’ 

Behavioral Intentions on a Bed and Breakfast Website. Journal of Hospitality 

Marketing & Management, 27(3), 366–

385. doi:10.1080/19368623.2017.1367346 

Kamal, S. A., Shafiq, M., & Kakria, P. (2020). Investigating acceptance of 

telemedicine services through an extended technology acceptance model 

(TAM). Technology in Society, 60, 101212. doi:10.1016/j.techsoc.2019.101212 

Kasneci, E., Sessler, K., Küchemann, S., Bannert, M., Dementieva, D., Fischer, F., 

Gasser, U., Groh, G., Günnemann, S., Hüllermeier, E., Krusche, S., Kutyniok, 

G., Michaeli, T., Nerdel, C., Pfeffer, J., Poquet, O., Sailer, M., Schmidt, A., 

Seidel, T., & Stadler, M. (2023). ChatGPT for good? On opportunities and 

challenges of large language models for education. Learning and Individual 

Differences, 103(102274). https://doi.org/10.1016/j.lindif.2023.102274 

Kemp, S. E., Ng, M., Hollowood, T., & Hort, J. (2018). Introduction to descriptive 

analysis. Descriptive analysis in sensory evaluation, 1. 

Khalil,  G.E.  and  Rintamaki,  L.S.  (2014)  ‘A  televised  entertainment-education  

drama  to  promote  positive  discussion  about  organ  donation’,  Health  

Education  Research,  Vol.  29,  No.  2,  pp.284–296. 

https://doi.org/10.21002/amj.v7i1.4601
https://doi.org/10.1016/j.lindif.2023.102274


ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 59 of 76 
 
 

Koenig-Lewis, N., Marquet, M., Palmer, A., & Zhao, A. L. (2015). Enjoyment and 

social influence: predicting mobile payment adoption. The Service Industries 

Journal, 35(10), 537-554. 

Koufaris,  M.  (2002)  ‘Applying  the  technology  acceptance  model  and  flow  

theory  to  online  consumer behavior’, Information Systems Research, Vol. 

13, No. 2, pp.205–223. 

Latané, B. (1981). The psychology of social impact. American Psychologist, 36(4), 

343–356. https://doi.org/10.1037/0003-066X.36.4.343 

learning. Online Information Review . 39(6), pp.762 – 778. 

Lee, J. H., Mustapha, A., & Hwang, J. (2019). Enhancing ethnic restaurant visits and 

reducing risk perception. Journal of Hospitality and Tourism 

Insights. doi:10.1108/jhti-10-2018-0068  

Leng,  G.S.,  Lada,  S.,  Muhammad,  M.Z.,  Ibrahim,  A.A.H.A.  and  Amboala,  T.  

(1970)  ‘An  exploration   of   social   networking   sites   (SNS)   adoption   in   

Malaysia   using   technology   acceptance  model  (TAM),  theory  of  

planned  behavior  (TPB)  and  intrinsic  motivation’,    The Journal of Internet 

Banking and Commerce, Vol. 16, No. 2, pp.1–27. 

Li,  R.,  Ni,  C.,  Wei,  X.  and  Su,  Q.  (2016)  ‘A  survey  of  factors  affecting  the  

continuous  use  of  interactive   English   platforms   under   the   ubiquitous   

learning   concept’,   China   Distance   Education, No. 10, pp.72–78. 

Li, R., Ni, C., Wei, X. and Su, Q. (2016) ‘A survey of factors affecting the continuous 

use of interactive English platforms under the ubiquitous learning concept’, 

China Distance Education, No. 10, pp.72–78. 

Liébana-Cabanillas, F., Marinkovic, V., Ramos de Luna, I., & Kalinic, Z. (2018). 

Predicting the determinants of mobile payment acceptance: A hybrid SEM-

neural network approach. Technological Forecasting and Social Change, 129, 

117–130. doi:10.1016/j.techfore.2017.12.015 

Lin, H. C., Ho, C. F., & Yang, H. (2022). Understanding adoption of artificial 

intelligence-enabled language e-learning system: An empirical study of 

UTAUT model. International Journal of Mobile Learning and 

Organisation, 16(1), 74-94. 

https://psycnet.apa.org/doi/10.1037/0003-066X.36.4.343


ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 60 of 76 
 
 

Liu, C. T., Guo, Y. M., & Lee, C. H. (2011). The effects of relationship quality and 

switching barriers on customer loyalty. International Journal of Information 

Management, 31(1), 71-79. 

Lohmöller, J. B., & Lohmöller, J. B. (1989). Predictive vs. structural modeling: Pls vs.

 ml. Latent variable path modeling with partial least squares, 199-226.  

M. Sharples, ‘‘Automated essay writing: An AIED opinion,’’ Int. J. Artif. Intell. 

Educ., vol. 32, no. 4, pp. 1119–1126, Dec. 2022. 

Madan, K., & Yadav, R. (2018). Understanding and predicting antecedents of mobile 

shopping adoption. Asia Pacific Journal of Marketing and Logistics, 30(1), 

139–162. doi:10.1108/apjml-02-2017-0023 

Mahardika, P. C., & Giantari, I. G. A. K. (2020). The effect of behavioural intention 

and perceived risk to adopt mobile banking using UTAUT model (study at 

BPD Bali Klungkung Branch in Semarapura City). American International 

Journal of Business Management, 3(10), 106-115. 

Mehta,  A.,  Morris,  N.P.,  Swinnerton,  B.  and  Homer,  M.  (2019)  ‘The  influence  

of  values  on    E-learning adoption’, Computers and Education, Vol. 141, 

pp.1–17. 

Moore, G.C. and Benbasat, I. (1991) ‘Development of an instrument to measure the 

perceptions of adopting an information technology innovation’, Information 

Systems Research, Vol. 2, No. 3, pp.192–222. 

Nie,  J.,  Zheng,  C.,  Zeng,  P.,  Zhou,  B.,  Lei,  L.  and  Wang,  P.  (2020)  ‘Using  

the  theory  of  planned  behavior  and  the  role  of  social  image  to  

understand  mobile  English  learning  check-in  behavior’, Computers and 

Education. Doi: 10.1016/j.compedu.2020.103942. 

Oechslein, O., Fleischmann, M., & Hess, T. (2014, January). An application of 

UTAUT2 on social recommender systems: Incorporating social information 

for performance expectancy. In 2014 47th Hawaii international conference on 

system sciences (pp. 3297-3306). IEEE. 

Prabhaker, M., CM, P., Uttam, S., & Anshul, G. (2018). Scales of Measurement and 

Presentation of Statistical Data. Annals of Cardiac Anaesthesia, 21(4), 419– 

422. https://doi.org/10.4103/aca.ACA_131_18 

Promoting Teaching and Learning. Papers.ssrn.com. 

https://doi.org/10.4103/aca.ACA_131_18


ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 61 of 76 
 
 

Qadir, J. (2022). Engineering Education in the Era of ChatGPT: Promise and Pitfalls 

of Generative AI for Education. Www.techrxiv.org. 

https://doi.org/10.36227/techrxiv.21789434.v1 

Queiros, A., Faria, D., & Almeida, F. (2017). Strengths and limitations of qualitative 

and quantitative research methods. European journal of education studies. 

Rahmawati, R. N. (2019). Self-efficacy and use of e-learning: A theoretical review 

technology acceptance model (TAM). American Journal of Humanities and 

Social Sciences Research, 3(5), 41-55. 

Rana, N. P., Slade, E., Kitching, S., & Dwivedi, Y. K. (2019). The IT way of loafing 

in class: Extending the theory of planned behavior (TPB) to understand 

students’ cyberslacking intentions. Computers in Human Behavior, 101, 114-

123. 

Rather, R. A. (2017). Investigating the Impact of Customer Brand Identification on 

Hospitality Brand Loyalty: A Social Identity Perspective. Journal of 

Hospitality Marketing & Management, 27(5), 487–

513. doi:10.1080/19368623.2018.1404539 

Rezaei, S. (2017), "Dragging market mavens to promote apps repatronage intention: 

The forgotten market segment", Journal of Promotion Management, pp. 1-22. 

Rivera, M., Gregory, A. and Cobos, L. (2015) Mobile application for the timeshare 

industry: The influence of technology experience, usefulness, and attitude on 

behavioral intentions. Journal of Hospitality and Tourism Technology . 6(3), 

pp.242-257. 

Roll, I., Russell, D. M., & Gašević, D. (2018). Learning at scale. International 

Journal of Artificial Intelligence in Education, 28, 471-477. 

Rudolph, J., Tan, S., & Tan, S. (2023). ChatGPT: Bullshit spewer or the end of 

traditional 

Sharma, G. (2017). Pros and cons of different sampling techniques. International 

journal of applied research, 3(7), 749-752. 

Slade, E. L., Dwivedi, Y. K., Piercy, N. C., & Williams, M. D. (2015). Modeling 

Consumers’ Adoption Intentions of Remote Mobile Payments in the United 

Kingdom: Extending UTAUT with Innovativeness, Risk, and Trust. Psychology 

& Marketing, 32(8), 860–873. doi:10.1002/mar.20823  

https://doi.org/10.36227/techrxiv.21789434.v1


ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 62 of 76 
 
 

Slade, E. L., Dwivedi, Y. K., Piercy, N. C., & Williams, M. D. (2015). Modeling 

consumers’ adoption intentions of remote mobile payments in the United 

Kingdom: extending UTAUT with innovativeness, risk, and trust. Psychology 

& marketing, 32(8), 860-873. 

Susnjak, T. (2022). ChatGPT: The End of Online Exam Integrity? ArXiv (Cornell 

University). https://doi.org/10.48550/arxiv.2212.09292 

Tajfel, H., & Turner, J. C. (1979). An integrative theory of intergroup conflict In 

Austin WG & Worchel S.(Eds.), The social psychology of intergroup relations 

(pp. 33–47). Monterey, CA: Brooks/Cole.[Google Scholar]. 

Tan, G. W.-H., & Ooi, K.-B. (2018). Gender and age: Do they really moderate mobile 

tourism shopping behavior? Telematics and Informatics, 35(6), 1617–

1642. doi:10.1016/j.tele.2018.04.009 

Tiwari, C. K., Bhat, M. A., Khan, S. T., Subramaniam, R., & Khan, M. A. I. (2023). 

What drives students toward ChatGPT? An investigation of the factors 

influencing adoption and usage of ChatGPT. Interactive Technology and 

Smart Education. 

Tran, V.D. (2020). The Relationship among Product Risk, Perceived Satisfaction and 

Purchase Intentions for Online Shopping. Journal of Asian Finance, 

Economics and Business, 7, 221-231. 

UTAR. (n.d.). Utilising AI & ChatGPT for learning and assignments. UTAR News, 

Newsletters, In the Press, Awards and 

Webinars. https://news.utar.edu.my/news/2023/Sept/04/09/02.html 

Venkataraman,  J.B.  and  Ramasamy,  S.  (2018)  ‘Factors  influencing  mobile  

learning:  a  literature  review   of   selected   journal   papers’,   International   

Journal   of   Mobile   Learning   and   Organization, Vol. 12, no. 2, pp.99–112. 

Venkatesh,  V.  and  Bala,  H.  (2008)  ‘Technology  acceptance  model  3  and  a  

research  agenda  on  interventions’, Decision Sciences, Vol. 39, No. 2, 

pp.273–315. 

Venkatesh, Morris, Davis, & Davis. (2003). User Acceptance of Information 

Technology: Toward a Unified View. MIS Quarterly, 27(3), 

425. doi:10.2307/30036540  

https://doi.org/10.48550/arxiv.2212.09292


ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 63 of 76 
 
 

Venkatesh, V., & Zhang, X. (2010). Unified Theory of Acceptance and Use of 

Technology: U.S. Vs. China. Journal of Global Information Technology 

Management, 13(1), 5–27. doi:10.1080/1097198x.2010.1085650 

Venkatesh, V., Morris, M.G., Davis, G.B. and Davis, F.D. (2003) ‘User acceptance of 

information technology: toward a unified view’, MIS Quarterly, Vol. 27, No. 

3, pp.425–478. 

Venkatesh, V., Thong, J. Y., & Xu, X. (2012). Consumer acceptance and use of 

information technology: Extending the unified theory of acceptance and use of 

technology. MIS Quarterly, 36(1), 157–178. https:// 

doi.org/10.2307/41410412 

Ventayen, R. J. M. (2023). OpenAI ChatGPT Generated Results: Similarity Index of 

Artificial Intelligence-Based Contents. SSRN Electronic Journal. 

https://doi.org/10.2139/ssrn.4332664 

Victor, O.A. (2017). Primary Sources of Data and Secondary Sources of Data. 

Research Gate. https://doi.org/10.13140/RG.2.2.24292.68481 

Vidal, N. P., Manful, C. F., Pham, T. H., Stewart, P., Keough, D., & Thomas, R. 

(2020). The use of XLSTAT in conducting principal component analysis 

(PCA) when evaluating the relationships between sensory and quality 

attributes in grilled foods. MethodsX, 7, 100835. 

Wan, C., Shen, G. Q., & Choi, S. (2017). Experiential and instrumental attitudes: 

Interaction effect of attitude and subjective norm on recycling intention. 

Journal of Environmental Psychology, 50, 69–

79. doi:10.1016/j.jenvp.2017.02.006 

Williams, M.D., Rana, N.P. and Dwivedi, Y.K. (2015) The unified theory of 

acceptance and use of technology (UTAUT): a literature review. Journal of 

Enterprise Information Management. 28(3), pp. 443 – 488. 

Williams, T. A., & Shepherd, D. A. (2017). Mixed method social network analysis: 

Combining inductive concept development, content analysis, and secondary 

data for quantitative analysis. Organizational Research Methods, 20(2), 268-

298. 

Wong, C.H., Tan, G.W.H., Loke, S.P. and Ooi, K.B. (2015) Adoption of mobile social 

networking sites for 

https://doi.org/10.2139/ssrn.4332664
https://doi.org/10.13140/RG.2.2.24292.68481


ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 64 of 76 
 
 

Yang, K. (2015) Determinants of US consumer mobile shopping services adoption: 

Implications for designing mobile shopping services. Journal of Consumer 

Marketing. 27(3), 262-270. 

Yi, M., Jackson, J., Park, J. and Probst, J. (2016). Understanding information 

technology acceptance by individual professionals: Toward an integrative 

view. Information and Management. 43(3), 350-363. 

Zahreen Mohd Arof, K., Ismail, S., & Latif Saleh, A. (2018). Contractor’s 

Performance Appraisal System in the Malaysian Construction Industry: 

Current Practice, Perception and Understanding. International Journal of 

Engineering & Technology, 7(3.9), 46. doi:10.14419/ijet.v7i3.9.15272 

Zawacki-Richter, O., Marín, V. I., Bond, M., & Gouverneur, F. (2019). Systematic 

review of research on artificial intelligence applications in higher education–

where are the educators?. International Journal of Educational Technology in 

Higher Education, 16(1), 1-27. 

Zhai, X. (2022). ChatGPT User Experience: Implications for Education. SSRN 

Electronic Journal. https://doi.org/10.2139/ssrn.4312418 

Zhou, T. (2013). An empirical examination of continuance intention of mobile 

payment services. Decision support systems, 54(2), 1085-1091. 

Zulfikar, R., & Mayvita, P. A. (2018). The relationship of perceived value, perceived 

risk, and level of trust towards green products of fast moving consumer goods 

purchase intention. JEMA: Jurnal Ilmiah Bidang Akuntansi Dan Manajemen, 

15(2), 85-97. https://doi.org/10.31106/jema.v15i2.838 

  

https://doi.org/10.2139/ssrn.4312418
https://doi.org/10.31106/jema.v15i2.838


ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 65 of 76 
 
 

APPENDICES 

Appendix A: Questionnaire 

 

  



ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 66 of 76 
 
 

 



ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 67 of 76 
 
 

 

 

 



ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 68 of 76 
 
 

 



ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 69 of 76 
 
 

 



ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 70 of 76 
 
 

 



ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 71 of 76 
 
 

 



ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 72 of 76 
 
 

 

 



ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 73 of 76 
 
 

 



ADOPTION OF AI TECHNOLOGY IN EDUCATION AMONG UTAR STUDENT: 

THE CASE OF CHATGPT 

 
 

Page 74 of 76 
 
 

Appendix B: SmartPLS Output 

Measurement model 

 

Factor loading 
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Construct Reliability and Validity 

 

Discriminant Validity: Cross Loading Criterion 

 

 

 Discriminant Validity: HTMT 
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Structural Model’s Construct Assessment 

 

 

 

Hypothesis Testing 

 


